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Compact Nonlinear Maps and Circulant Extensions
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Figure 2: Compact Nonlinear Map (CNM) for kernel approximation. REFM: Random Fourier Feature based on RBF
kernel. CNM-kerapp: CNM for kernel approximation (Section[5).



Distilling the Knowledge in a Neural Network
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Fast Training of Convolutional Networks through FFTs
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Figure 2: Number of operations required for computing (1) with different input image sizes and
S5=128 f =96, f =256,k =T.

Exploiting Linear Structure Within Convolutional

Networks for Efficient Evaluation
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First layer approximation: First layer approximation:
Performance loss vs. empirical CPU speedup Performance loss vs. empirical GPU speedup
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Figure 3: Empirical speedups on (Left) CPU and (Right) GPU for the first layer. € is the number
of colors used in the approximation.



